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Abstract

Artificial Intelligence (Al) is increasingly viewed as a promising tool for improving access to and scalability
of mental health services, particularly through applications such as Chatbot, predictive modelling, and
emotion recognition technologies. However, its integration raises significant ethical and psychological
concerns, including algorithmic bias, privacy violations, and the potential erosion of human empathy. This
qualitative integrative review aimed to critically examine the dual role of Al in mental health, synthesizing
evidence on its efficacy and ethical challenges. The study systematically searched Scopus, Google Scholar,
PubMed, and PsycINFO databases, employing a structured search strategy. From an initial pool of 70
papers, 10 high-impact studies were selected based on rigorous inclusion criteria (peer-reviewed, focus on
Al applications, ethical/psychological implications). Thematic analysis identified four core themes: (1)
innovative Al tools demonstrating efficacy in reducing symptoms like depression; (2) paradoxical
psychological impacts, including both increased access and risks of dependency; (3) profound ethical risks
such as surveillance capitalism and biased algorithms; and (4) the critical need for hybrid human-AI care
models. The study concludes that while Al can democratize mental healthcare, its ethical implementation
requires robust governance, transparent algorithms, and equity-centered design to ensure it enhances,
rather than replaces, the irreplaceable human elements of empathy and clinical judgment.

Keywords: Artificial intelligence, mental health, ethical Al, digital therapy, surveillance capitalism,
hybrid care models

Introduction

The global burden of mental health disorders is escalating, outpacing the capacity of traditional healthcare
systems and creating a significant treatment gap. In this context, Artificial Intelligence (Al) is rapidly
emerging as a disruptive force in the healthcare industry, with mental health representing a particularly
sensitive and promising domain. Al offers scalable (Fitzpatrick et al., 2017), efficient interventions from
24/7 Chatbot therapy to data-driven diagnostic tools that could potentially extend care to underserved
populations (Vaidyam et al., 2019). Recent advancements, as previous studies have provided evidence for
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the effectiveness of Al based CBT Chatbot (Fitzpatrick et al., 2017) and the potential of affective computing
to enable emotion recognition (Picard, 1997). This finding is consistent with broader research indicating
that conversational agents can deliver interventions grounded in empirical evidence with clinical
legitimacy (Torous et al., 2021). Rather than simply extending traditional therapy, the integration of Al
represents a restructuring of how therapeutic relationships are conceptualized (Zuboff, 2019), raising
critical concerns about empathy (Farhud and Zokaei, 2021), the prevalence of algorithmic bias is a persistent
concern (Mittelstadt et al., 2016), with marginalized groups frequently subjected to misdiagnosis stemming
from unrepresentative training datasets, lack of informed consent (Jeyaraman et al., 2023; World Health
Organization, 2021), and corporate surveillance risks associated with the commodification of mental health
data corporate entity often holding significant power (Crawford, 2021), wherein user privacy may be
jeopardized for profit motives (Zuboff, 2019). While Al can augment and scale certain therapeutic functions
(Farhud and Zokaei, 2021), its role as a supplement rather than a replacement for human-led therapy
(World Health Organization, 2021) is a central debate. As data revealed, little or no prior qualitative
integrative review has synthesized the evidence on both the efficacy and the ethical psychological
dimensions of Al in mental health. Previous systematic reviews have often focused solely on efficacy
(Munn et al.,, 2018; Tam et al., 2024). Therefore, this study employs a qualitative integrative review
methodology inspired by Shinners et al. (2020) to build a multidisciplinary understanding and exploration
of a complex subject. The aim of this study is to critically appraise how Al is reshaping mental healthcare
and to propose pathways for its ethical and effective integration.

Materials and methodology

This research followed an integrative review approach (Whittemore and Knafl, 2005), chosen for its ability
to combine diverse methodologies and offer a broad perspective on complex research problems and
findings from a diverse range of study types, including empirical studies, theoretical frameworks, ethical
analyses, and policy guidelines to build a holistic understanding of the complex and multidisciplinary
research problem. This design employed problem formulation, systematic literature review, data
evaluation, data analysis and synthesis and presenting of findings.

The primary objective of this research is to conduct a critical, integrative analysis of the role of
Artificial Intelligence (AI) in mental healthcare, systematically examining its innovative applications,
psychological impacts, and ethical challenges to propose a pathway for its responsible and effective
integration. A systematic literature search was performed in July 2025 across four electronic databases:
Scopus, Google Scholar, PubMed, and PsycINFO. The search strategy was designed using a combination
of keywords and Boolean operators. The core search syntax wused was: ("artificial
intelligence" OR AI OR "machine learning”) AND ("mental health" OR psych* OR therap*) AND
(ethic* OR bias OR "psychological impact").

Inclusion criteria were: (1) peer-reviewed journal articles; (2) focused on the application of Al in
mental health; (3) discussed ethical implications, psychological impacts, or efficacy; (4) published in
English. Exclusion criteria were: (1) editorials, conference abstracts, or non-peer-reviewed articles; (2)
studies focused solely on other disciplines; (3) papers not available in full text.

The literature search yielded 70 records after removing (406) duplicates from the initial pool of
1560 articles, titles and abstracts were screened by two independent reviewers against the inclusion criteria.
The full texts of the remaining articles were assessed for eligibility. The final selection of 10 papers was
reached by consensus data saturation by two independent individuals.

Data from the included studies were extracted into a standardized table, capturing information on
authors, year, study design, Al intervention and key findings related to ethics/psychological
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impact. Thematic analysis was employed to synthesize the findings. The analysis focused on the results
and discussion sections of the included papers to identify recurrent concepts and patterns. This process
was not registered in a protocol database, which is a limitation of this review.

Results

The study selection process is summarized in the PRISMA (Page et al., 2021) flow diagram (Figure 1) given
below.
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Figure 1. PRISMA flow diagram showing the study selection/screening process.

Total of 1560 records initially found, 70 records were identified applying inclusion criteria and
removing duplicates, 45 remained. Screening of titles and abstracts excluded 25 papers. Full-text
assessment of the remaining 20 articles led to the exclusion of 10 more that did not meet the inclusion
criteria, resulting in 10 studies for qualitative synthesis. The final list of 10 selected papers included seminal
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and recent works such as Crawford (2021), Farhud and Zokaei (2021), Fitzpatrick et al. (2017), Guntuku et
al. (2017), Jeyaraman et al. (2023), Mittelstadt et al. (2016), Mittermaier et al. (2023), Torous et al. (2021),
WHO (2021) and Zuboff (2019). While the primary focus of this review is on recent high-impact studies,
Picard’s (1997) Affective Computing is included because it represents a foundational work that established
the conceptual and theoretical basis for the field of emotion-aware artificial intelligence. The studies
encompassed various designs, including randomized controlled trials, cohort studies, integrative reviews,
and ethical frameworks.

Thematic analysis was guided by Braun and Clarke’s (2006) framework, which involves an iterative
process of familiarization, coding, theme development, and refinement. For this process, Microsoft Excel
(2013) was used to create the initial codes using the text of the articles. The process began involving two
independent individuals with (1) familiarization through a deep and repeated reading of the 10 selected
papers. (2) Initial codes were then generated by systematically extracting and labelling key phrases related
to Al's applications and implications. These codes were subsequently (3) collated into potential themes,
which were reviewed and refined in step (4) to ensure they formed a coherent pattern that accurately
represented the dataset. The themes were then (5) defined and named, resulting in the four final themes:

a. Innovations in Al for mental health

The integration of AI has introduced ground breaking tools that enhance accessibility and
personalization. Examples of innovative applications include conversational agents such as
Woebot, which have shown reductions in depressive symptoms (Fitzpatrick et al., 2017). Affective
computing has been used to support emotion recognition (Picard, 1997), and natural language
processing (NLP) techniques can help predict mental health risks from online behaviour patterns
(Guntuku et al.,, 2017). Virtual reality (VR) offers immersive environments for treating conditions
like PTSD (Torous et al., 2021).

b. Psychological impact of Al

Al's influence is paradoxical. Positively, it offers 24/7 support and reduces barriers to care
(Vaidyam et al.,, 2019). Negatively, dopamine-driven app designs may exacerbate addiction or
anxiety (Zuboff, 2019), and constant self-monitoring via Al can lead to hyper-vigilance and reduced
psychological autonomy (Jeyaraman et al., 2023).

c. Ethical and psychological risks

Key ethical dilemmas were identified. Al systems trained on non-representative datasets risk
embedding bias, which can heighten the chances of inaccurate diagnoses for vulnerable and
marginalized groups (Mittelstadt et al., 2016). Additionally, the monetization of mental health data
has sparked ethical alarm, frequently framed as part of the wider issue of surveillance capitalism
(Zuboff, 2019). Al related harms are complicated by unclear accountability structures, while the
reduced human element in care delivery can weaken the trust between patients and clinicians
(Crawford, 2021; WHO, 2021).

d. Prospective hybrid care models
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A consensus advocates for models that combine Al efficiency with human oversight. Al can
manage routine tasks like symptom tracking, freeing clinicians for complex, empathetic care
(Farhud and Zokaei, 2021). These models require equity- centered design, diverse datasets, and
global ethical standards to ensure cultural sensitivity and safety (Jeyaraman et al., 2023; WHO,
2021).

Discussion

This integrative review synthesizes evidence on the dual role of Al in mental health, revealing a landscape
of significant promise tempered by substantial risk. Our findings on the efficacy of tools like Woebot align
with previous systematic reviews focused on digital interventions (Torous et al., 2021). However, this
synthesis adds a critical dimension by highlighting that this efficacy is inextricably linked to ethical and
psychological pitfalls that previous reviews have often treated separately.

The identified ethical risks, particularly algorithmic bias (Mittermaier et al., 2023) and data
commodification, confirm and extend the concerns raised in earlier ethical frameworks (Mittelstadt et al.,
2016; Jobin et al., 2019). The analysis underscores that these are not hypothetical concerns but are embedded
in the current design and deployment of Al tools. Although AI has the potential to support mental
happiness, it can also create new psychological risks. To mitigate this, systems must be designed to prevent
exploitative engagement patterns and foster user independence.

Literature increasingly points toward hybrid care models where Al complements rather than
replaces human practitioners as the most sustainable approach, aligning with World Health Organization’s
(2021) recent recommendations. In their systematic review analysis, Saeidnia et al. (2024) similarly conclude
that the responsible implementation of Al in mental health is contingent upon rigorously addressing core
ethical considerations such as transparency, bias, and privacy. This model leverages Al's scalability while
safeguarding the human elements of empathy and judgment that are fundamental to effective therapy.

A key strength of this review is the integrative methodology, which allowed for the synthesis of
diverse study types to form a holistic picture. However, limitations must be acknowledged. The inclusion
of only 10 papers, while focused on high-impact studies, may have omitted relevant research. The lack of
a pre-registered protocol increases the potential for selection bias. Furthermore, the rapid evolution of Al
technology means this review represents a snapshot in time.

Future research should focus on longitudinal studies of Al's long-term psychological impacts, the
development of standardized ethical risk assessment tools for Al algorithms, and participatory design
studies that actively involve end-users from marginalized communities in the creation of these
technologies.

Conclusion

Al is positioned to significantly reshape mental health care by enabling scalable and tailored interventions.
However, cautious implementation is necessary, as overreliance on Al may worsen social disconnection,
reinforce existing biases, and compromise core elements of human dignity. The future of Al in mental
health depends on building systems that enhance, not replace human empathy, clinical judgment, and
trust. With careful ethical stewardship, Al will be a valuable partner in the journey toward global
psychological practice.
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